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Executive Summary 

 

 The Division of Governmental Studies and Services (DGSS), jointly sponsored by WSU 

Extension and the College of Arts and Sciences, has served as a link between Washington State 

University resources and the population of the Pacific Northwest for over 50 years.  DGSS 

serves the University’s land grant mission through applied social science research, program 

evaluation, technical assistance and training, which provides University resources for public 

benefit.  Our extensive experience in program evaluation, survey research, data analysis, and 

community engagement extends to several analyses examining biased policing in the region, 

with experience analyzing secondary data as well as collecting primary data on this important 

subject area.   

The Montana Highway Patrol (MHP) contracted with DGSS for annual assessments of 

traffic stop data for evidence of biased policing.  The contract, executed in January 2016, 

requires 5 annual assessments of MHP traffic stop data collected from traffic enforcement 

activities conducted from 2015 to 2019 to assess for possible evidence of systemic bias in the 

decisions of MHP troopers to stop motorists in the state of Montana.  The first analysis, which is 

the subject of this report, examined all traffic stops occurring from January 1, 2014, to December 

31, 2014.  Subsequent analyses will focus on data collected during subsequent calendar years.    

This analysis focuses on the decision to stop, as required in the Scope of Work.  In order 

to conduct this analysis, various data related to traffic stop activities were obtained from the 

Montana Highway Patrol and converted in order to conduct several “benchmark” comparisons.  

The MHP provided data on warnings/citations issued in the state, on crash data, and on calls for 

service/self-initiated physical assists. Initially, the files received contained 109,731 records that 

could potentially be examined.   
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Examining the stop data related to the decision to stop requires several descriptive 

statistical analyses, in large part because higher-level statistical analysis is unavailable at this 

level.  However, these analyses still provide substantial useful information on the decision to 

stop exercised by representatives of the MHP within the state of Montana.  At this point in the 

process of analysis and review, the analyses do not suggest that evidence of racial bias exists in 

the decision to stop.  Although some specific Montana counties appear to evince data trends 

which call for additional analyses in certain denominator comparisons, no conclusive assessment 

of bias is appropriate because county-level analysis was hindered by the small number of cases 

in the comparison data for those counties.  Additionally, in most of these counties White drivers 

were actually stopped in what might appear to be disproportionate amounts compared to the 

percentage of other contacts.  It should be noted that facial disproportionality is not an effective 

indicator that evidence of biased policing exists.  Thorough analysis would require controlling 

for all variables that could explain disproportionality, and this ability is limited with the use of 

descriptive analysis as required in this case.  However, conducting the various benchmark 

comparisons available provides a more in-depth picture of potential issues, avenues for further 

examination, and some support for the conclusion for an absence of biased policing in the 

decision to stop. 

 

Theoretical Approaches to Biased Policing Research 

 

Racial profiling is defined by the U.S. Department of Justice as  “any police-initiated 

action that relies on race, ethnicity, or national origin rather than the behavior of an individual or 

information that leads the police to a particular individual who has been identified as being, or 

having been, engaged in criminal activity” (Ramirez, McDevitt and Farrell, 2000:3).  The 
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investigation of actual racial discrimination in the context of racial profiling is rather difficult. 

Indicators of bias appear in the analyses of traffic stop data where the characteristics of the 

drivers who have been stopped are compared to those who might have been stopped (Whitney, 

2008; Worden, McLean, & Wheeler, 2012). However, a number of factors other than racial bias 

exist which may diminish the strength of these indicators. For example, the allocation of police 

resources across police beats could easily skew such comparisons. While researchers control for 

many variables, accurately defining the drivers who might have been stopped (known as the 

denominator or benchmark (Walker 2003)) presents a significant issue in the analysis (Alpert, 

Dunham, & Smith 2007). 

As noted in our original 2013 MHP report, appropriately-conducted denominator analysis 

is difficult, and scholars have debated appropriate analyses which might be used to examine 

whether biased policing is occurring.  Denominator data used for comparison in the earliest 

studies was based on census data, which has been thoroughly criticized for failure to adequately 

reflect the racial make-up of our population as a whole, as well as not reflecting the racial make-

up and driving behavior of drivers in given jurisdictions (Alpert et al. 2007; Whitney 2008). For 

example, Peterson and Krivo (2009) found a disparity in violent crime rates, with black 

neighborhoods experiencing violent crime at a rate four times greater than white neighborhoods. 

Areas with significantly greater rates of violent crime will likely experience a more robust 

deployment of law enforcement which, theoretically would translate in the traffic stop context to 

a higher rate of traffic stops, and where those areas correlate to higher concentrations of 

minorities, then facial racial disparity compared to census demographics results, even though 

racial discrimination may not actually be present. 
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As noted in our previous report, weaknesses in denominator data mean that results 

suggesting disproportionality in stops for certain racial and ethnic groups do not necessarily 

mean racial discrimination is occurring.  Appropriate denominators and additional multivariate 

analyses of appropriate contextual information concerning traffic stops is necessary to 

distinguish biased policing from appropriate enforcement that may be demographically 

disproportionate. Researchers have approached the issue in two different ways: improving 

benchmark analysis (Horrace & Rohlin, forthcoming; Steward, 2004; Weiss & Grumet-Morris, 

2005), and by examining outcomes of stops (Horrace & Rohlin, forthcoming; Knowles, Persico, 

& Todd, 2001). 

Benchmark Development 

One approach to the denominator question, applied in this study, is the use of “internal 

benchmarking” (Walker, 2003) from data collected as part of the data collection which informs 

this profiling study.  One of the early efforts to improve the benchmark analysis occurred in a 

racial profiling study of the Denver Police Department (Thomas, 2002). The analyst there 

discovered that the mix of drivers was significantly different than the census data, so she created 

her benchmark data from a number of different sources including suspect identifications from 

police reports, complaints, and other sources.  The reality is though that developing benchmark 

data like Thomas’ or examining violator data by tabulating the race of passing motorists from 

static and mobile techniques can be expensive (Worden et al 2012) and very difficult (Grogger & 

Ridgeway, 2006). These researchers advanced an approach known as the “veil of darkness”. 

Grogger and Ridgeway theorized that police officers were less likely to know the race of 

a driver at night than during any daytime hours.  Assuming that other factors such as racial 
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differences in traffic patterns, driving behaviors, and exposure of law enforcement remain the 

same both night and day, the inappropriate use of racial profiling could be tested by a simple 

comparison of data from stops occurring during the day to those occurring at night. In their work 

they limited “night” to the evening hours and controlled for the time of day, while estimating 

daylight and darkness disparities in the race distribution of stopped drivers. Grogger and 

Ridgeway (2006) applied this approach to data from Oakland, California. and concluded there 

was little evidence to support racial profiling in traffic stops there.  

Worden, McLean, & Wheeler (2012) advanced the “veil-of-darkness” approach in their 

study of the Syracuse Police Department. Worden, et al. defined dusk as inter-twilight, and they 

excluded similar light periods at dawn, since enforcement at dawn is significantly reduced. They 

tracked reasons for traffic stops (arrests and post-stop outcomes were not considered due to data 

constraints) across three groups of police (traffic enforcement, crime reduction, and other). 

Testing included simple comparisons and probability determinations based on regression 

analysis. Data for the years 2006 – 2009 were analyzed as a whole and were also delimited to 30 

days each side of the change to and from Daylight Savings Time. The researchers concluded that 

their results were fairly persuasive of racial neutrality. They also felt that their research 

supported the “veil of darkness” approach as an economical, equally credible alternative to more 

expensive, detailed development of other benchmarks (some of which are discussed below).  

Horrace and Rohlin (forthcoming) also tested the veil of darkness approach in Syracuse. 

Their work questioned the role of ambient light (i.e. street lights) in the veil of darkness 

approach. They concluded that in applying the veil of darkness one must take into account 

ambient light (and, be aware of other factors impacting the identification of drivers’ race); they 

found that there was a 15% greater likelihood that blacks would be stopped as compared to 
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whites, in contrast to Worden, et al. Their study is noteworthy for other reasons:  they urge future 

researchers to take into account not only variables such as ambient lighting, but also different 

driving patterns by both drivers and police (and differences in police deployment as well), in 

areas that are well-lit and in areas that are not. Additionally, they recommend the use of 

outcome-based analysis in conjunction with veil-of-darkness to further inform findings regarding 

racial profiling.  

Outcome Analysis 

Alpert, Dunham, & Smith (2007) addressed the denominator issue differently. They 

developed robust benchmarks by incorporating adjusted census data (which they recognized was 

weak), racial identities as determined through not-at-fault drivers involved in car crashes, blind 

enforcement (i.e. traffic cameras) and direct observation via stationary and mobile modes, and 

observation of officers. They also incorporated information on other types of crime in Dade 

County. The observations included identifying the race of all drivers and violators. The 

stationary observations were at selected intersections in particular neighborhoods coded for 

being predominately white, substantially black and mixed race. In addition to simple comparison 

of ratios (denominator analysis), they also performed multivariate analyses examining the 

outcome of stops.  The authors in these studies concluded that discrimination does not occur in 

traffic stops, but disparate treatment is more likely found in post-stop activities – searches and 

arrests (Alpert, Dunham, &Smith, 2007). 

Carroll and Gonzalez (2014) further examine the outcome of stops by testing the role of 

racial stereotypes in an officer’s decision to frisk and/or search an individual during a traffic 

stop. They reviewed data collected by the Rhode Island State Police in 2006 in an attempt to 
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differentiate disparities in frisks and searches. To control for inaccuracies, they excluded all 

traffic stops that required searches by law. Using multinomial and binary logistic regression, 

Carroll and Gonzalez were able to evaluate models of frisks and searches, and test for the 

conditional effect of community. Their findings supported their hypothesis that stated (1) black 

drivers were subjected to higher rates of both frisks and searches during traffic stops, (2) racial 

disparities are the cause of greater numbers of frisks being performed rather than a full searches 

being conducted, (3) the racial proportions of a community can lead to actualized racial 

disparities of frisks, but not searches, between black and white drivers, and (4) that the race of a 

driver does not determine the outcome of searches. Carroll and Gonzalez concluded that bias in 

policing was mostly the consequence of implicit stereotypes and that these stereotypes were 

triggered (in contexts) in which the police are required to act quickly, forbidding them sufficient 

time to monitor cognitions.   

Tillyer and Engel (2010) applied a social conditioning model that explored interactive 

effects of race/ethnicity, gender, and age by “examining a robust data set collected after multiple 

years of reliability and validity testing.” In that case, 283,827 traffic stops collected in year 5 of a 

five year study were analyzed. They audited the data collection efforts during the first 4 years to 

refine the data and reduce collection errors. After compiling a robust data set, Tillyer and Engel 

then applied interaction terms, such as gender and age, as compared to simply using 

race/ethnicity, gender or age, based on a social conditioning theory that we perceive differences 

primarily on race, but that traffic enforcement activities are also based on gender and age 

distinctions. Thus, as a society we might perceive and react to white, young males differently 

than older white females, etc. Their conclusion was that the distinctions within the minority 
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groups as defined by their interaction terms (e.g. young, black males) were more descriptive of 

racial disparities than were the broad labels based only on race/ethnicity, gender, and age. 

Other Approaches 

Novak and Chamlin (2008) applied a “racial threat hypothesis” combined with inferences 

drawn from the empirical analysis of those factors that stimulated officer suspicion. Most 

interesting was the conditional effect of the racial composition of the beat on search rates: in 

areas in which more black citizens resided, those citizens were in fact searched at higher rates 

than areas with fewer black citizens. However, this finding also implied that white drivers too 

were affected when stopped in an area in which they did not belong. Novak and Chamlin found 

that “beats” do have structural characteristics that serve to inform police officers appropriate 

perspectives of who does and does not belong in certain neighborhoods. This is consistent with 

citizens’ feeling the need for social control among groups to fit that of neighborhood racial 

composition. 

Warren and Farrell (2009) collected information on 38,437 individual traffic stops from 

Providence Police Department from 2001- 2005. That study examined how environmental 

factors such as the media, new state legislation, and the hiring of a new police chief impacted the 

department’s alleged racial bias towards their citizens. The study found that the rate of racial 

disparities shortly after the media would write/report about racial bias was significantly lower 

than when there was no media report. The study also showed that the racial disparities between 

black and white drivers were eliminated and leveled off, after the state implemented new 

legislation to prevent racial discrimination and after the department replaced its police chief. 
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Other studies looked into examination of the impact of police officer race on profiling 

issues. In one study, Wilkens and Williams (2008) examined the San Diego Police Department to 

test whether the presence of more black officers actually leads to more racial disparity; their 

findings concluded that racial disparity actually increased with a more diverse officer cadre. The 

study found that a 1% increase in the numbers of black officers actually lead to a 1.98% increase 

in the racial disparity measure for a division in the month.  

Similar results were found in another study on the effect of policing behavior based on 

the officer’s race. (Cochran & Warren, 2011) This study found that minority officers stopped 

black drivers at a rate of 1.5 to 3 times the rate as white officers stopped black drivers. 

Furthermore, these studies show that the race of the officer is correlated to the racial disparity of 

the police departments.  

As noted by the National Institute of Justice (2013), the “untangling” of factors leading to 

racial discrimination as a cause of racial disparities in traffic stops is difficult. But clearly, race is 

a predictor of attitudes held by citizens toward police. In other words, even when police do not 

engage in racial discrimination in their work, public perceptions of discrimination could well 

hinder police work and diminish trust of the governed with respect to the government – a 

problem could well exist simply because the public perceives a problem. 

Graziano, Schuck, and Martin (2010) studied this issue. In their work, they used web 

surveys regarding a racially charged incident in Chicago and how the media portrayed the events 

and the police, both from the citizen’s perspective despite initial increases in reported 

perceptions of racial bias after media reports of the incident, the researchers found that the 

public’s attitudes were malleable: after being informed of all sides of the issue, public attitudes 
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toward the police improved. In other words, engaging the public in directed discourse had a 

positive effect on perceptions of the police.  

Rennauer and Covelli’s (2011) survey work complimented the findings of Graziano et al. 

(2010). While they documented the presence of public perceptions of police bias, they also found 

that perceptions of government responsiveness weakened perceptions of bias across race and 

ethnicity. They recommended that future research incorporate examining the public’s 

relationship with local government, and how that relationship affects the public’s perceptions of 

police. They found that better promotion of local government and police practices improves the 

perceptions of the public. 

DGSS’ applied research for the short-term of this project will include continued work 

with MHP regarding the development of robust data for analysis. In our initial work, we 

developed a healthy dialogue with the MHP that led to improvements in the collection of data 

and the organization of data sets. We anticipate those improvements will lead to the enhanced 

ability to include multivariate statistical applications to outcome analysis to more accurately 

inform our findings regarding the role of discrimination in the activities of the MHP. 

Additionally, our initial study applied the veil of darkness approach; we intend to incorporate 

lessons learned from the work of other researchers with that method as we continue to review 

MHP traffic stops. 
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Methods 

 

 To examine whether evidence of racial bias exists in the decision to stop by MHP 

troopers, this study conducts a number of descriptive comparisons using several benchmarks 

derived from our experience and from scholarly literature.  We conduct external comparisons 

using Census data, comparing the percentage of groups stopped by the MHP to their proportion 

in the population.  Additionally, we conduct internal comparisons of different types of contact 

using various data collected by the MHP.  These internal comparisons include daytime and 

nighttime stops, percentage of groups stopped compared to percentage involved in crashes, 

percentage contacted through calls for service/self-initiated physical assistance, and commercial 

vehicle stops.  As stated, the original data provided by the MHP included 109,731 records.  

These include 107,563 non-commercial vehicle traffic stops, and 2,418 commercial vehicle 

stops.  The MHP also provided 10,220 crash records and 7,621 calls for service/self-initiated 

physical assists.  Where the data allow, we conduct the analyses at various levels, including the 

state, county, district, and some limited city analysis.  It is important to note, particularly for the 

county-level analysis, the records available for many counties are too few to conduct meaningful 

and reliable analysis.  These results in particular should be interpreted with extreme caution, but 

are provided herein to identify counties, particularly where enough cases are available, that may 

warrant further investigation in the future when more cases become available through the five-

year timeframe.  
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State Level Analysis 

 The Montana Highway Patrol provided data on 109,731 stops that resulted in a warning 

and/or citation in 2014.  Of these stops, 2,418 were stops for commercial vehicles, and some 

non-motor vehicle stops (bicycle violations) and parking violations were included.  Commercial 

vehicle stops, non-motor vehicle stops, and parking violations were removed from the analysis, 

which results in 107,563 stops to analyze for 2014. The majority of the drivers stopped were 

White (91.4%, 98,050 stops), male (67.1%, 72,156), and pulled over for Hazardous violations 

(explained further below). The vast majority of stops occurred during the day (78.5%, 84399), 

and a slightly higher percentage of stops occurred in Missoula county (8.5%, 9,176) accounted 

for the highest number of stops per county.  MHP Division 3 had the highest number of stops 

among divisions (16.7%, 17,903), and a small majority of stops resulted in no citations (52.3%, 

56,206).  

Table 1: Montana Statewide Demographics 
 

2014 Census Demographics Percent 

White 89.4% 

Black or African American 0.6% 

American Indian and Alaska Native 6.6% 

Asian 0.8% 

Native Hawaiian and Other Pacific Islander 0.1% 

Hispanic or Latino (of any race) 3.5% 
 

Initial demographic analysis conducted at the state-wide level does not suggest evidence 

of systemic bias in traffic stops conducted by the MHP.  Table 2 below presents the percentage 

of stops by race in comparison to overall percentage of the population in Montana.  The state-

wide descriptive data suggests that Hispanic drivers and Native American drivers are actually 

slightly under-represented in percentage of stops state-wide, while White, Asian, and Black 

drivers are slightly over-represented.  However, the variations in percentage of stops when 
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compared to proportion of the population is small for all groups, which does not suggest 

systemic biased policing is occurring.   

Table 2 Percentage of Stops by Race/Ethnicity 

 White 

Drivers 

Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Stops 91.4% .9% 1.1% 4.9% 1.8% 

Census 89.4% .6% .8% 6.6% 3.5% 

 

Reason for Stop  

 MHP troopers record the reason for the initial stop in every stop resulting in a warning 

and/or citation.  The initial data provided include 43 different categories for the reason for the 

stop, including DUI, speed over legal, open container, right-of-way, and several others.  From 

this information, all stops were categorized into 5 types of observed offenses: Motor Vehicle 

Hazardous, Motor Vehicle Serious, Equipment, License/Registration/Insurance and Other.  As 

stated previously, the vast majority of stops are due to Motor Vehicle Hazardous observations 

(84.5%, 90,888), followed by License/Registration/Insurance (10.8%, 11,651). Examining the 

reason for stop can serve as an indicator of differences in driving behavior as well as potential 

socioeconomic differences that are more likely to result in a stop when observed.  When 

analyzing reasons for stop among different race/ethnic groups, the data reveal that White drivers 

constitute the majority of drivers stopped for each offense.  However, they are slightly under-

represented in comparison to their Census demographics for Equipment violations (84.5%, 

2,640).  Native American drivers are over-represented in observed Equipment violations; the 

percentage of Equipment violations for Native Americans is nearly double their percentage in the 

population.  Hispanic drivers are under-represented for each of the categories, while Black 

drivers are mostly under-represented in each of the categories.  Lastly, Asian drivers are under-
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represented in Equipment and License/Registration/Insurance violations, and slightly over-

represented in all other categories.  

 

Table 3 Reason for Stop by Race/Ethnicity--Statewide 

 
Specific Infractions White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic 

Drivers 

Moving Violations Hazardous 91.1% (19329) 0.8% (172) 1.1% (233) 5.1% (1082) 1.9% (400) 

Moving Violations Serious 88.1% (288) 1.2% (4) 1.8% (6) 7.3 % (24) 1.5% (5) 

Equipment 87.5% (253) 0.7% (2) 1.0% (3) 9.0% (26) 1.7% (5) 

License/Registration/Insurance 90.0% (932) 0.3% (3) 1.8% (19) 6.4% (66) 1.4% (15) 

Other 87.9% (217) 0.8% (2) 1.2% (3) 6.9% (17) 3.2% (8) 

 

  

To further examine possible differences in observed offenses resulting in stops, within 

group comparisons were conducted.  This initial analysis preliminarily indicates some observed 

differences in frequency of observed violations based on race/ethnicity.  While all groups are 

slightly more likely to be stopped for Hazardous moving violations than Black and Native 

American drivers.  Similarly, Asian drivers are far less likely to be stopped for 

License/Registration/Insurance violations.  Compared to all other groups, Native American 

drivers are over twice as likely to be pulled over for Equipment violations.  Native American and 

Black drivers are slightly more likely to be stopped for License/Registration/Insurance 

violations.   

Table 4 Within-group comparison of reason for stop by race/ethnicity 

 
Type of Infraction White 

Drivers 

Asian 

Drivers 

Black 

Drivers 

Native 

American 

Drivers 

Hispanic 

Drivers 

Moving Violations Hazardous 92.0% (19329) 94.0% (172) 88.3% (233) 89.1% (1082) 92.4% (400) 

Moving Violations Serious 1.4% (288) 2.2% (4) 2.3% (6) 2.0% (24) 1.2% (5) 

Equipment 1.2% (253) 1.1% (2) 1.1% (3) 2.1% (26) 1.2% (5) 

License/Registration/Insurance 4.4% (932) 1.6% (3) 7.2% (19) 5.4% (66) 3.5% (15) 

Other 1.0% (217) 1.1% (2) 1.1% (3) 1.4% (17) 1.8% (8) 
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Daytime versus Nighttime Stops 

 

 Census data provide an external comparison that while limited, can help identify potential 

proportionality issues in the decision to stop for further examination using other denominators.  

External comparisons are far harder to conduct due to the limitations of available data.  

However, internal comparisons, comparisons that utilize data obtained by the MHP, can help 

create useful benchmarks and examine whether preliminary indications of biased policing exist.  

Conducting comparisons between daytime (when race/ethnicity of drivers can be observed) and 

nighttime stops can reveal potential issues in the decision to stop.   If the percentage of minority 

groups stopped by the MHP decreases significantly during nighttime stops (when drivers cannot 

be easily observed), this could be an indication of bias.  In order to compare daytime and 

nighttime stops, civil twilight times for Helena, Montana were used to code all data state-wide.  

All stops occurring within civil twilight times during the course of the year were coded 0 (day), 

and those times that fell outside of civil twilight start and end were coded 1 (night).  For instance, 

civil twilight began for Helena, Montana on December 5, 2014 at 7:21am and ended at 5:16pm.  

All stops occurring from 7:21am to 5:16pm were coded as occurring during the daytime.1  As 

mentioned, 75% (85,108) of stops occur during the daytime, while 21.6% of stops (23,436) occur 

at night.  As can be seen in Table 5 below, differences between daytime and nighttime stops are 

minimal to almost non-existent.  While percentage of stops slightly increases at night for Black, 

Native American and Hispanic drivers, these differences are less than a 0.50% increase, and for 

Hispanic and Black drivers the differences is an increase of only 0.1%.  The percentage of White 

                                                           
1 Civil twilight start and end times for the entire year were found at 

http://www.timeanddate.com/sun/usa/helena?month=12&year=2014. 
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drivers and Asian drivers stopped actually decreases during nighttime stops, which is contrary to 

what would be expected if bias was involved in decisions to stop.    

 

Table 5 Percentage of Day and Night Stops by Race/Ethnicity 
Time of Day White Drivers Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Day 91.5% (77031) 0.9% (754) 1.1% (889) 4.8% (4072) 1.7% (1468) 

Night 90.9% (21019) 0.8% (183) 1.1% (264) 5.3% (1215) 1.9% (433) 

 

 

Involvement in Crashes 

Comparing race & ethnicity patterns in traffic stops with those for involvement in crashes 

is one of the most effective means of examining whether racial disparity is present in the 

decision to stop.   The decision to stop involves officer discretion; however, officers cannot 

determine who will be involved in crashes, and thus crash data is an effective means for 

examining racial disparity in the decision to stop.  Crash data is considered a “blind” benchmark 

because officers do not know the race of individuals involved in crashes.   The Montana 

Highway Patrol 2014 crash data provided contains 10,220 citations/warnings associated with 

crashes in the state of Montana.  With the exception of 6, all of these incidents involved a 

citation or warning issued to involved drivers.  Of these 10,220 cases, 28 entries do not have 

race/ethnicity information for the drivers involved (listed as unknown).  The remaining 10,186 

cases do not reflect the number of crashes to which MHP troopers responded, but the number of 

citations/warnings issued as a result of a crash.  Several of these cases, 4,264, involved multiple 

citations and/or warnings issued to a single driver, or multiple drivers involved in a single crash.  

Once this duplicate data is accounted for, the crash data contains 5,956 crashes that resulted in a 

warning or citation for one or more drivers in 2014. In order to examine the race/ethnicity of 

drivers involved in these crashes without exaggerating the number of drivers involved, the driver 
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is used as the unit of analysis rather than the crash.  A driver receiving multiple 

citations/warnings for a crash is counted only once while multiple drivers who receive 

warnings/citations in a single crash are each counted once in the data.  This results in 5,956 

drivers involved in crashes within the state that can be compared with the decision to stop data.  

Similar to the decision to stop demographic data, the vast majority of drivers involved in 

crashes are White (92.4%, 8,245), and male (66.6%, 5,962).  Most incidents occurred during the 

day (73%, 4,346 drivers), and resulted in at least 1 citation (53.7%, 3,199 drivers).  The slightly 

higher number of drivers were in Flathead County when the incident occurred (12.8%, 791), and 

in MHP Division 1 (19.4%, 1154 drivers).  As can be seen in Table 6 below, the percentage of 

crashes by race/ethnicity closely resemble the percentage of stops by race/ethnicity.  The 

percentage of White and Hispanic drivers involved in crashes increases only slightly, while the 

percentage of Asian and Black drivers is the same across both sets of data.  The percentage of 

Native American drivers involved in crashes slightly decreases when compared to decision to 

stop data.  The crash data, while limited, do not indicate systemic racial bias is occurring in the 

decision to stop. 

Table 6 Statewide Crashes by Race/Ethnicity 

 White Drivers Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Crashes 92.3% (5480) 1% (59) 1.3% (75) 3.3% (196) 2.2% (129) 

Stops 91.4% .9% 1.1% 4.9% 1.8% 

Census 89.4% .6% .8% 6.6% 3.5% 

 
 

Calls for Service and Self-Initiated Physical Assists 

 

Another effective benchmark for examining potential bias in the decision to stop is to 

compare decision to stop data with contacts resulting from calls for service and self-initiated 
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physical assists.  Similar to crashes, these contacts are considered a “blind” benchmark because 

officers are unlikely to know the race/ethnicity of individuals assisted for most of these contacts.  

In 2014, the MHP conducted 15,604 calls for service and self-initiated physical assists in the 

state of Montana.  Over half of these calls for service and self-initiated physical assists (7,862  

contacts) do not include the race/ethnicity information because most of these contacts did not 

include interaction with individuals, which leaves 7,742 contacts that can be examined.2  Of 

these 7,742 contacts, 121 are associated with crashes.  To avoid overlap with the crash analysis 

conducted above, these 121 contacts were removed, leaving a total of 7,621 such contacts that 

can be examined.   

Again, descriptive analysis reveals several similarities between contact data, decision to 

stop data, and crash data.  Most calls for service and self-initiated physical assists involve men 

(69.8%, 4,243), and White individuals (89.6%, 6,832). The highest number of contacts by county 

occur in Missoula County (9.5%, 724), in MHP Division 1 (18.3%, 1,396), and most contacts 

occur during the daytime (80.8%, 6,154).  When analyzing percentage of individuals assisted by 

race and ethnicity (Table 7 below), the rates of contacts are similar to Census data and reason for 

stop data.  In fact, Native American, Hispanic and Black individuals are assisted in slightly 

higher percentages than are stopped by MHP troopers.   

Table 7 Statewide Assistance Contacts by Race/Ethnicity 

                                                           
2 It is important to note that for many of the contacts where race/ethnicity was not recorded, the 

contact involved an abandoned vehicle, animals or items in the road.  These situations did not 

involve interaction with individuals.  However, there are some stops where interactions between 

officers and individuals did occur (as indicated by the officer’s notes), but race/ethnicity 

information was not recorded.  For instance, some interactions included occupants sleeping, ran 

out of gas, help changing a tire, assisting pedestrians, driver on phone, among others.  MHP 

refined data collection requirements in 2014 to ensure race/ethnicity information is collected for 

each contact. 
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 White Drivers Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Assistance 89.6%  .9  1.7%  5.5  2.3%  

Stops 91.4% .9% 1.1% 4.9% 1.8% 

Census 89.4% .6% .8% 6.6% 3.5% 

 

Commercial Vehicle Stops 

 

 A final comparison that can be conducted as a potential benchmark is examining 

Commercial vehicle drivers stopped by troopers.  In 2014, 2418 commercial vehicle drivers were 

stopped by the MHP.  Most of these stops involved White drivers (87.3%, 2096), and the vast 

majority of commercial drivers were men (94.7%, 2290).  Again, most stops occurred during the 

day (77.9%, 1,884), with a slightly higher percentage occurred in Big Horn County (7.1%, 172), 

and in MHP Division 5 (23.1%, 555).  Interestingly, the percentage of Hispanic drivers, Asian 

drivers and Black drivers stopped is higher for commercial vehicles within the state, while 

Native American drivers are stopped less.  These percentages present evidence against the 

conclusion of the existence of systemic racial bias in the decision to stop by MHP troopers. 

Table 8 Commercial Stops by Race/Ethnicity 

 White Drivers Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Commercial Stops 87.3% (2096) 2.7% (66) 4.6% (111) 1.9% (46) 3.4% (82) 

All Other Stops 91.4% .9% 1.1% 4.9% 1.8% 

Census 89.4% .6% .8% 6.6% 3.5% 

 

County-level  

 

While state-level analysis is important, aggregating data at this level potentially conceals 

important differences in the decision to stop as applied in local jurisdictions.  An essential next 

step in examining on a more discriminate level whether evidence of racial bias exists in the 

decision to stop is to conduct county-level and city-level analyses.  We begin with county-level 

analysis in order to examine contacts between the MHP and individuals, followed by a district-
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level analysis, and city-level analysis which examines 7 cities within the state of Montana: 

Billings, Bozeman, Butte, Great Falls, Helena, Kalispell, and Missoula.   

Stops by County 

 

 As can be seen in Table 8 below, great variation exists in traffic stop activity and the 

proportion of drivers stopped by race and ethnicity across counties in Montana.  This is 

unsurprising given that county-level demographics greatly differ across the state of Montana.  

However, we can superficially examine whether evidence of bias exists at the county-level by 

comparing traffic stops to Census rates for each of the counties.  To determine whether the 

differences in traffic stops for each group illustrated in Table 8 are due to population differences 

within each county, or might be related to potential evidence of bias, each racial/ethnic group’s 

percentage in the population was subtracted from the percentage of each group’s traffic stops.  

Past studies have indicated that when the percentage of a racial or ethnic group contacted 

exceeds 5 percentage points difference from their proportion in the population, the differences 

are indicative of significant and potential evidence of biased policing.  This analysis reveals there 

are 9 counties where certain racial/ethnic groups are over-represented in stops when compared to 

their proportions of the populations.  For 8 of these counties, White drivers are over-represented 

in contacts: Big Horn, Blaine, Cascade, Chouteau, Glacier, Lake, Roosevelt, and Rosebud 

Counties.  The difference is well over the 5 percentage point criterion for all of these counties 

with the exception of Lake where the difference is only 2.7 percentage points.  Native Americans 

are over-represented in stops compared to their proportion of the population in only one county:  

McCone.  This difference is small; the difference is only 3.8 percentage points.  McCone is 

located next to the Fort Peck Reservation, and the MHP share concurrent jurisdiction with this 

reservation that enables MHP troopers to conduct traffic enforcement in this area.  Due to the 
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proximity of McCone to the Fort Peck Reservation, and the relationship between the MHP and 

this reservation, it is unlikely that this observed difference is evidence of bias.    However, we 

can examine this further through comparison of county-level crash and calls for service and self-

initiated contacts data. 
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Table 8: Percentage of County Stops by Race/Ethnicity 

County White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers Number of 

Stops 

Beaverhead 94.4% 1.2% 1.2% 1.3% 2.0% 1174 

Big Horn 61.9% 0.9% 1.7% 32.3%  3.1% 1319 

Blaine 72.6% 0.6% 0.6% 25.7% 0.6% 878 

Broadwater 96.2% 0.8% 1.2% 1.1% 0.7% 1439 

Carbon 96.6% 0.6% 0.7% 0.7% 1.8% 946 

Carter 92.3% 2.4% 3.8% 0.0% 3.8% 42 

Cascade 94.4% 0.7% 1.7% 2.2% 0.9% 7550 

Chouteau 88.4% 0.3% 0.7% 10.2% 0.4% 1312 

Custer 92.2% 0.6% 1.5% 2.0% 3.7% 3771 

Daniels 97.4% 0.0% 0.5% 1.6% 0.5% 193 

Dawson 90.6% 0.5% 2.1% 1.6% 5.1% 2673 

Deer Lodge 94.0% 2.0% 1.7% 0.9% 1.3% 2652 

Fallon 93.2% 0.8% 0.8% 0.0% 5.3% 135 

Fergus 93.6% 0.8% 0.9% 2.9% 1.7% 960 

Flathead 97.2% 0.5% 0.3% 1.3% 0.8% 8141 

Gallatin 95.3% 1.3% 1.0% 0.6% 1.9% 9188 

Garfield 95.4% 0.7% 2.1% 1.1% 0.7% 284 

Glacier 67.2% 0.9% 0.3% 31.2% 0.5% 1768 

Golden Valley 97.1% 0.0% 1.5% 0.0% 1.5% 68 

Granite 95.2% 1.5% 0.9% 0.9% 1.5% 593 

Hill 77.3% 0.4% 0.9% 20.5% 0.9% 2537 

Jefferson 94.2% 1.8% 1.5% 0.8% 1.7% 1923 

Judith Basin 93.6% 0.4% 2.8% 2.2% 0.9% 673 

Lake 75.9% 0.% 0.7% 22.1% 0.8% 3202 

Lewis and Clark 97.0% 0.6% 0.4% 1.1% 0.9% 4809 

Liberty 92.6% 0.3% 0.5% 4.6% 1.9% 366 

Lincoln 97.4% 0.3% 0.3% 1.0% 1.0% 2374 

Madison 95.7% 1.7% 0.5% 0.4% 1.8% 1036 

McCone 86.1% 0.0% 0.8% 9.8% 3.3% 125 

Meagher 99.6% 0.4% 0.0% 0.0% 0.0% 285 

Mineral 92.5% 2.2% 1.6% 1.6% 2.2% 2427 

Missoula 94.4% 0.9% 1.2% 2.4% 1.1% 9183 

Musselshell 90.7% 0.5% 0.5% 6.4% 1.9% 423 

Park 94.3% 1.9% 0.9% 1.0% 2.0% 2209 

Petroleum 92.9% 1.8% 0.0% 5.4% 0.0% 56 

Phillips 86.8% 0.0% 1.3% 10.8% 1.1% 462 

Pondera 81.3% 1.5% 0.8 % 14.9% 1.5% 1503 

Powder River 91.1% 1.0% 3.1% 0.5% 4.2% 233 

Powell 94.3% 1.8% 1.1% 1.5% 1.4% 3092 

Prairie 87.9% 0.7% 2.1% 2.9% 6.4% 151 

Ravalli 97.8% 0.4% 0.4% 0.2% 1.2% 3874 

Richland 90.8% 0.3% 2.3% 1.1% 5.4% 2649 

Roosevelt 54.5% 0.2% 0.9% 42.5% 1.9% 1726 

Rosebud 88.2% 0.8% 1.5% 6.7% 2.7% 1463 

Sanders 95.3% 0.9% 0.4% 2.7% 0.7% 1489 

Sheridan 93.8% 0.0% 2.2% 1.2% 2.9% 422 

Silver Bow 95.1% 1.1% 0.6% 1.5% 1.7% 2733 

Stillwater 94.5% 0.7% 1.2% 0.9% 2.7% 1023 

Sweet Grass 90.3% 1.3% 3.6% 1.0% 3.8% 627 

Teton 95.4% 0.4% 1.1% 1.5% 1.5% 263 

Toole 89.5% 1.1% 0.5% 7.4% 1.5% 1210 

Treasure 84.3% 3.2% 4.1% 2.8% 5.5% 218 

Valley 84.8% 0.6% 1.0% 11.6% 2.0% 969 

Wheatland 91.3% 1.8% 1.8% 3.0% 2.1% 333 

Wibaux 88.8% 2.6% 2.6% 2.6% 3.4% 120 

Yellowstone 91.2% 0.7% 1.3% 3.5% 3.3% 7026 
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Table 9: County-Level Percentage of Stops Minus Percentage of Population 

 
County White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers 

Beaverhead -.7 +0.7 +0.8 -0.5 -1.7 

Big Horn* +30.0* +0.4 +1.3 -32.1 -2.5 

Blaine* +24.4* +0.4 +0.4 -23.3 -1.7 

Broadwater 0 +0.6 +0.7 -0.4 -1.8 

Carbon -0.1 +0.3 -0.3 -0.5 -0.5 

Carter -5.7 +2.3 +37 -1.0 +2.6 

Cascade* +5.5* -0.3 0 -2.4 -3.2 

Chouteau* +11.4* -0.2 +0.5 -10.4 -1.8 

Custer -2.8 +0.2 +0.9 0 +0.7 

Daniels +2.1 -0.3 +0.2 -0.5 -1.5 

Dawson -4.3 +0.1 +1.6 -0.5 +2.4 

Deer Lodge +1.0 +1.5 +1.3 -2.6 -1.8 

Fallon -3.9 +0.2 +0.6 -0.7 +3.6 

Fergus -2.3 +0.5 +0.4 +1.7 -0.7 

Flathead +2.0 -0.2 -0.1 -0.2 -1.9 

Gallatin +0.2 -0.1 +0.6 -0.4 -1.2 

Garfield -3.3 +0.6 +1.8 +0.7 -0.5 

Glacier* +33.6* +0.5 +0.1 -31.4 -2.2 

Golden Valley +2.6 -0.7 +0.8 -1.2 -2.6 

Granite -1.3 +1.2 +0.5 +0.2 -0.6 

Hill +4.6 -0.2 +0.3 -2.2 -2.4 

Jefferson -0.6 +1.3 +1.1 -0.9 -0.6 

Judith Basin -4.3 +0.1 +2.7 +1.2 -0.8 

Lake* +7.7* -0.1 +0.3 -1.5 -3.3 

Lewis and Clark +2.9 -0.1 -0.1 -1.1 -2.1 

Liberty -5.5 +0.2 +0.2 +4.3 +1.2 

Lincoln +1.7 -0.1 -0.1 -0.2 -1.8 

Madison -1.1 +1.3 0 -0.2 -1.1 

McCone* -10.9 -0.2 +0.2 +9.8* +1.9 

Meagher +2.7 -0.1 -0.3 -0.6 -1.8 

Mineral -1.2 +1.4 +1.1 -0.3 -0.6 

Missoula +2.3 -0.6 +0.6 -0.5 -2.0 

Musselshell -4.9 +0.2 -0.1 +4.9 -1.5 

Park -1.8 +1.5 +0.6 -0.2 -0.8 

Petroleum -5.5 +1.8 0 +4.8 -1.2 

Phillips -0.4 -0.3 +1.2 +2.4 -1.0 

Pondera -1.0 +1.2 +0.5 +0.4 -0.3 

Powder River -4.8 +0.8 +3.0 -1.4 +2.2 

Powell +2.0 +1.3 +0.0 -3.1 -0.9 

Prairie -6.9 -0.2 +1.8 +2.5 +4.3 

Ravalli +2.1 -0.3 -0.1 -0.9 -2.1 

Richland -3.8 -0.2 +1.8 -0.8 +0.6 

Roosevelt* +16.4* -0.2 +0.6 -15.5 -0.6 

Rosebud* +28.5* +0.3 +1.2 -29.6 -1.4 

Sanders +3.5 +0.4 +0.1 -1.8 -1.8 

Sheridan -1.2 -0.4 +1.8 -0.8 +0.7 

Silver Bow +0.7 +0.4 +0.1 -0.6 -2.5 

Stillwater -1.8 +0.3 +0.9 -0.1 -0.6 

Sweet Grass -6.5 +0.8 +3.5 +0.3 +1.8 

Teton -0.6 +0.2 +1.0 -0.1 +0.1 

Toole -1.5 +0.6 -0.3 +1.8 -1.5 

Treasure -10.6 +2.8 +4.0 +0.6 +3.3 

Valley -2.3 -0.1 +0.6 +2.2 -0.2 

Wheatland -4.1 +1.2 +1.4 +2.2 +0.4 

Wibaux -8.9 +2.2 +2.5 +2.2 +0.9 

Yellowstone -0.1 -0.1 +0.5 -1.0 -1.9 
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Daytime versus Nighttime Stops 

 We next examine evidence of potential bias at the county-level by conducting daytime 

and nighttime stop comparisons for each racial/group in each county.  As previously stated, if 

racially biased policing is occurring, it is likely that disproportionality for daytime stops would 

be higher when troopers can see individual drivers. If the percentage of daytime stops are 5 

percentage points higher than nighttime stops, this is indication of a significant difference.  Table 

10 below illustrates that 11 counties have groups who are stopped in significantly higher 

percentages during the daytime hours than nighttime. These counties include, Big Horn, Carter, 

Chouteau, Fallon, Glacier, Golden Valley, McCone, Petroleum, Powder River, Prairie and 

Wheatland.  However, 6 of these counties have 50 nighttime stops or less, which limits analysis 

due to the small amount of cases. Only three counties, Chouteau, Big Horn, and Glacier, have 

over 100 nighttime stops.  In each of these counties, White drivers are stopped more during the 

day than at night.  This is contrary to what would be expected if bias were being applied in the 

discretionary decision to stop.  In two counties, Fallon and Prairie, it appears Hispanic drivers are 

stopped more during the day.  However, this is due to the small number of total stops examined.  

Only 7 Hispanic drivers were stopped in Fallon County during 2014, and all stops occurred 

during the day.  In Prairie County, only 9 Hispanic drivers were stopped during 2014 with all 

stops occurring during daytime hours.   
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Table 10: County-Level Percentage of Day and Night Stops by Race/Ethnicity 

County 

White Drivers 

 

Day           Night    

Asian Drivers 

 

Day   Night 

Black Drivers 

 

Day      Night 

Native American 

Drivers 

Day      Night 

Hispanic 

Drivers 

Day     Night 

Number of 

Stops 

Day     Night 

Beaverhead 94.4% 93.6% 1.1% 1.8% 1.3% 0 1.2% 1.8% 1.9% 2.8% 1060 109 

Big Horn 63% 57.6% .9% 1.2% 1.7% 1.2% 31.1% 37.4% 3.3% 2.5% 1029 243 

Blaine 71.4% 76.4% .7% 0 .6% .5% 26.8% 22.1% .4% 1% 669 208 

Broadwater 95.8% 97.8% 1.0% 0 1.3% .6% 1.2% 1% .7% .6% 1117 315 

Carbon 97.3% 93.2% .5% 1.2% .3% 0 .8% .6% 1.2% 5% 777 161 

Carter 90.5% 100% 0 0 4.8% 0 0 0 4.8% 0 21 5 

Cascade 94.5% 94.1% .7% .6% 1.5% 2.4% 2.3% 2.1% .9% .8% 5496 2031 

Chouteau* 89.3% 82% .3% 0 .7% .7% 9.4% 16% .3% 1.3% 1157 150 

Custer 92.1% 92.4% .7% .5% 1.6% .9% 2% 2.1% 3.7% 4.1% 3290 435 

Daniels 97% 100% 0 0 .6% 0 1.8% 0 .6% 0 169 24 

Dawson 90.6% 90.6% .5% .3% 2.2% 2% 1.8% 1% 4.9% 6.1% 2226 394 

Deer Lodge 94% 94.2% 2.3% .9% 1.7% 1.9% .9% 1.2% 1.2% 1.9% 2213 432 

Fallon* 92.7% 95.7% .9% 0 0 4.3% 0 0 6.4% 0 109 23 

Fergus 93.4% 94.6% .9% .6% 1% .6% 3% 2.4% 1.6% 1.8% 789 167 

Flathead 97.2% 97.1% .4% .7% .3% .3% 1.4% .9% .7% .9% 6097 2027 

Gallatin 95.5% 94.6% 1.1% 1.8% 1% .8% .6% .8% 1.8% 2% 6897 2213 

Garfield 95.4% 95% .8% 0 2.3% 0 .8% 5% .8% 0 263 20 

Glacier* 69% 60.5% 1% .3% .4% 0 29% 38.9% .6% .3% 1378 380 

Golden 

Valley* 

98.4% 80% 0 0 0 20% 0 0 1.6% 0 63 5 

Granite 95.8% 92.7% 1.5% 1.8% .4% 2.8% 1% 0 1.3% 2.8% 478 109 

Hill 76.9% 78.4% .4% .3% 1% .8% 20.9% 19.2% .8% 1.3% 1894 629 

Jefferson 94.3% 93.8% 2% .4% 1.5% 1.3% .7% 1.3% 1.5% 3.1% 1680 226 

Judith Basin 94.2% 90% .3% 1% 2.8% 3% 1.9% 4% .7% 2% 572 100 

Lake 76.3% 74.4% .5% .3% .6% 1% 21.7% 23.7% .9% .6% 2519 675 

Lewis and 

Clark 

97.2% 96.3% .6% .7% .4% .4% 1% 1.3% .8% 1.2% 3414 1366 

Liberty 92.5% 93.2% .3% 0 .7% 0 4.1% 6.8% 2.4% 0 293 73 

Lincoln 97.6% 97% .3% .4% .3% .2% .9% 1.1% .9% 1.4% 1797 570 

Madison 95.3% 98.4% 1.8% .8% .6% 0 .4% 0 1.9% .8% 900 128 

McCone* 87.5% 70% 0 0 .9% 0 8.9% 20% 2.7% 10% 112 10 

Meagher 99.6% 100% .4% 0 0 0 0 0 0 0 260 24 

Mineral 92.9% 90.3% 2.3% 1.5% 1.5% 1.7% 1.2% 4% 2.1% 2.5% 1967 402 

Missoula 94.6% 93.9% .8% 1% 1.1% 1.4% 2.4% 2.6% 1.1% 1.1% 6620 2506 

Musselshell 90.4% 92% .6% 0 0 2.3% 6.9% 4.5% 2.1% 1.1% 332 88 

Park 94.3% 94.4% 1.9% 1.9% 1% .3% 1% .9% 1.9% 2.5% 1861 324 

Petroleum* 94.1% 80% 2% 0 0 0 3.9% 20% 0 0 51 5 

Phillips 86.5% 88.7% 0 0 1.3% 1.4% 11.5% 7% .8% 2.8% 384 71 

Pondera 81.3% 81.7% 1.6% .9% .8% .9% 15.1% 13.5% 1.3% 3.1% 1265 229 

Powder 

River* 

92.5% 84.4% 1.3 

% 

0 2.5% 6.3% 0 3.1% 3.8% 6.3% 159 32 

Powell 94.4% 93% 1.8% 1.6% .8% 2.9% 1.5% 1.3% 1.4% 1.3% 2659 385 

Prairie* 87.2% 100% .8% 0 2.3% 0 3% 0 6.8% 0 133 7 

Ravalli 97.9% 97.6% .3% .6% .4% .3% .2% .2% 1.2% 1.2% 2955 886 

Richland 91% 90.3% .3% .3% 2.1% 2.9% 1.1% 1.2% 5.5% 5.3% 1941 680 

Roosevelt 55.2% 52.2% .2% 0 1% .7% 41.7% 44.6% 1.8% 2.2% 1304 408 

Rosebud 88.1% 88.8% 1% 0 1.4% 2% 6.8% 6.6% 2.7% 2.6% 1244 196 

Sanders 95.3% 95.5% 1% .4% .3% .9% 2.7% 2.7% .7% .4% 1252 223 

Sheridan 93.7% 94.1% 0 0 1.9% 3% 1.3% 1% 3.2% 2% 317 101 

Silver Bow 95.2% 94.8% 1.1% .9% .7% .5% 1.6% 1.5% 1.4% 2.3% 1932 782 

Stillwater 94.7% 93.5% .9% 0 .7% 3.5% 1% .6% 2.7% 2.4% 811 170 
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Sweet Grass 90.1% 91.7% 1.4% 1% 4.1% 1% 1% 1% 3.5% 5.2% 515 96 

Teton 95.4% 95.8% .4% 0 1.3% 0 1.7% 0 1.3% 4.2% 237 24 

Toole 90.2% 87.1% 1.2% .8% .6% 0 6.5% 10.5% 1.5% 1.6% 948 248 

Treasure 83.8% 89.5% 3.5% 0 4% 5.3% 3% 0 5.6% 5.3% 198 19 

Valley 85.1% 82.9% .6% .6% .9% 1.8% 11.4% 12.8% 2% 1.8% 801 164 

Wheatland* 92.2% 86% 2.1% 0 2.1% 0 2.5% 6% 1.1% 8% 283 50 

Wibaux 88.7% 100% 2.6% 0 2.6% 0 2.6% 0 3.5% 0 115 1 

Yellowstone 91.5% 90.3% .7% 1% 1.2% 1.4% 3.4% 4% 3.3% 3.4% 5189 1765 

 

Involvement in Crashes 

While the crash data is limited at the county-level due to the low number of crashes 

available to examine, it provides the opportunity to further examine potential racial bias in the 

decision to stop.  Table 11 below displays the percentage of drivers involved in crashes and the 

specific number of drivers involved in each county.  It clearly illustrates that in several counties 

in the state, a higher percentage of minority groups are involved in crashes than were stopped by 

the MHP.  To further illustrate these differences, Table 12 shows the percentage of groups 

involved in crashes within the state subtracted from the percentage of these groups stopped by 

the MHP.  As with the Census analysis above, if the difference between the percentage stopped 

by the MHP and percentage of those involved in crashes is larger than 5 percentage points, this is 

a potential indicator of significant difference.  However, since the number of crashes available 

for each county are small, these results must be approached with caution.   

 The analysis reveals 21 counties where one or more groups is stopped in apparent higher 

percentages than the percentage of these groups involved in crashes within the county.  For 12 of 

these counties, Beaverhead, Custer, Daniels, Fallon, Granite, Lake, McCone, Mineral, Park, 

Powder River, Roosevelt, and Sanders, White drivers are stopped in larger percentages than their 

involvement in crashes.  In four of these counties, the differences exceed 10 percentage points, 

and in Powder the difference is nearly 40 percentage points.  Native American drivers are 

stopped in higher percentages than their involvement in crashes in higher percentages in 7 

counties: Big Horn, Blaine, Chouteau, Lake, Petroleum, Phillips, and Toole. Five of these 
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counties are either adjacent to or very near Native American reservations in the state.  

Additionally, each of these counties has less than 100 crashes to examine, and Petroleum has 

only 10 crashes that can be examined.  Hispanic drivers were stopped in higher percentages than 

their involvement in crashes in Fallon County; however, only 6 crashes are available for analysis 

Interestingly, although Native American drivers were stopped in higher percentages than their 

proportion of the population in McCone (Table 9 above), Tables 11 and 12 suggests that they are 

involved in crashes in higher percentages than their proportion in the population.  Again, the 

number of crashes examined in McCone are small, only 11 for the entire county.  This data 

indicates that systemic racial bias is not occurring within these counties.     

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



Division of Governmental Studies and Services 
 

29 

 

Table 11: County-Level Crashes 
County White Drivers Asian 

Drivers 

Black 

Drivers 

Native American 

Drivers 

Hispanic 

Drivers 

Total 

Beaverhead 85.2% (52) 3.3% (2) 3.3% (3) 1.6% (1) 6.6% (4) 61 

Big Horn 76.5% (39) 2.0% (1) 2.0% (1) 17.6% (9) 2.0% (1) 51 

Blaine 87.0% (20) 0 4.3% (1) 8.7% (2) 0 23 

Broadwater 100% (47) 0 0 0 0 47 

Carbon 92.9% (118) 1.6% (2) 1.6% (2) 0.8% (1) 2.4% (3) 126 

Carter 100% (3) 0 0 0 0 3 

Cascade 91.1% (194) 1.4% (3) 1.4% (3) 3.8% (8) 1.4% (3) 211 

Chouteau 95.7% (22) 0 0 4.3% (1) 0 23 

Custer 85.1% (40) 2.1% (1) 4.3% (2) 2.1% (1) 6.4% (3) 47 

Daniels 85.7% (6) 0 14.3% (1) 0 0 7 

Dawson 95.2% (60) 0 1.6% (1) 1.6% (1) 1.6% (1) 63 

Deer Lodge 95.5% (42) 2.3% (1) 0 2.3% (1) 0 44 

Fallon 83.3% (5) 16.7% (1) 0 0 0 6 

Fergus 92.4% (61) 0 3.0% (2) 1.5% (1) 3.0% (2) 66 

Flathead 95.9% (730) 0.3% (2) 0.8% (6) 1.6% (12) 1.4% (11) 761 

Gallatin 93.8% (501) 1.3% (7) 0.7% (4) 0.9% (5) 2.8% (15) 532 

Garfield 100% (7) 0 0 0 0 7 

Glacier 68.4% (26) 0 0 28.9% (11) 2.6% (1) 38 

Golden Valley 100% (1) 0 0 0 0 1 

Granite 88.5% (54) 6.6% (4) 1.6% (1) 1.6% (1) 1.6% (1) 61 

Hill 84.2% (48) 0 1.8% (1) 14.0% (8) 0 57 

Jefferson 91.2% (198) 2.8% (6) 2.3% (5) 0.9% (2) 2.8% (6) 217 

Judith Basin 90.9% (20) 4.5% (1) 4.5% (1) 0 0 22 

Lake 86.4% (159) 0 0.5% (1) 11.4% (21) 1.6% (3) 184 

Lewis and Clark 97.8% (354) 0.6% (2) 0.6% (2) 0 1.1% (4) 362 

Liberty 100% (2) 0 0 0 0 2 

Lincoln 98.2% (109) 0.9% (1) 0 0.9% (1) 0 111 

Madison 92.3% (60) 1.5% (1) 0 4.6% (3) 1.5% (1) 65 

McCone 72.7% (8) 0 9.1% (1) 18.2% (2) 0 11 

Meagher 88.0% (22) 4.0% (1) 4.0% (1) 4.0% (1) 0 25 

Mineral 87.1% (169) 1.5% (3) 5.7% (11) 1.5% (3) 4.1% (8) 194 

Missoula 95.1% (565) 0.7% (4) 0.7% (4) 2.0% (12) 1.5% (9) 594 

Musselshell 90.9% (20) 0 4.5% (1) 4.5% (1) 0 22 

Park 88.6% (101) 4.4% (5) 0.9% (1) 0.9% (1) 5.3% (6) 114 

Petroleum 100% (10) 0 0 0 0 10 

Phillips 100% (13) 0 0 0 0 13 

Pondera 83.9% (26) 0 3.2% (1) 12.9% (4) 0 31 

Powder River 60.0% (6) 10.0% (1) 10.0% (1) 10.0% (1) 10.0% (1) 10 

Powell 92.9% (78) 1.2% (1) 2.4% (2) 3.6% (3) 0 84 

Prairie 100% (5) 0 0 0 0 5 

Ravalli 98.6% (275) 0.4% (1) 0.4% (1) 0 0.7% (2) 279 

Richland 89.5% (102) 0.9% (1) 2.6% (3) 0.9% (1) 6.1% (7) 114 

Roosevelt 47.4% (27) 0 1.8% (1) 49.1% (28) 1.8% (1) 57 

Rosebud 82.4% (28) 2.9% (1) 0 8.8% (3) 5.9% (2) 34 

Sanders 88.8% (71) 1.3% (1) 1.3% (1) 6.3% (5) 2.5% (2) 80 

Sheridan 100% (11) 0 0 0 0 11 

Silver Bow 92.3% (143) 0.6% (1) 1.3% (2) 0 5.8% (9) 155 

Stillwater 93.3% (111) 0.8% (1) 0 2.5% (3) 3.4% (4) 119 

Sweet Grass 89.4% (42) 2.1% (1) 0 0 8.5% (4) 47 

Teton 94.3% (33) 0 0 5.7% (2) 0 35 

Toole 100% (26) 0 0 0 0 26 

Treasure 89.5% (17) 5.3% (1) 0 0 5.3% (1) 19 

Valley 87.8% (36) 0 0 12.2% (5) 0 41 

Wheatland 86.7% (13) 0 0 6.7% (1) 6.7% (1) 15 

Wibaux 85.0% (17) 0 0 0 15.0% (3) 20 

Yellowstone 91.5% (527) 0.2% (1) 1.4% (8) 5.2% (30) 1.7% (10) 576 
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Table 12: County-Level Percent Contacted Minus Involvement in Collisions by Race/Ethnicity 
County White Drivers Asian Drivers Black Drivers Native American Drivers Hispanic Drivers 

Beaverhead* 9.20%* -2.10% -2.10% -0.30% -4.60% 

Big Horn* -14.60% -1.10% -0.30% 14.70%* 1.10% 
Blaine* -14.40% 0.60% -3.70% 17.00%* 0.60% 

Broadwater -3.80% 0.80% 1.20% 1.10% 0.70% 
Carbon 3.70% -1.00% -0.90% -0.10% -0.60% 

Carter -7.70% 2.40% 3.80% 0.00% 3.80% 
Cascade 3.30% -0.70% 0.30% -1.60% -0.50% 

Chouteau* -7.30% 0.30% 0.70% 5.90%* 0.40% 
Custer* 7.10%* -1.50% -2.80% -0.10% -2.70% 

Daniels* 11.70%* 0.00% -13.80% 1.60% 0.50% 
Dawson -4.60% 0.50% 0.50% 0.00% 3.50% 

Deer Lodge -1.50% -0.30% 1.70% -1.40% 1.30% 

Fallon* 9.90%* -15.90% 0.80% 0.00% 5.30%* 
Fergus 1.20% 0.80% -2.10% 1.40% -1.30% 

Flathead 1.30% 0.20% -0.50% -0.30% -0.60% 
Gallatin 1.50% 0.00% 0.30% -0.30% -0.90% 

Garfield -4.60% 0.70% 2.10% 1.10% 0.70% 
Glacier -1.20% 0.90% 0.30% 2.30% -2.10% 

Golden Valley -2.90% 0.00% 1.50% 0.00% 1.50% 
Granite* 6.70%* -5.10% -0.70% -0.70% -0.10% 

Hill* -6.90% 0.40% -0.90% 6.50%* 0.90% 
Jefferson 3.00% -1.00% -0.80% -0.10% -1.10% 

Judith Basin 2.70% -4.10% -1.70% 2.20% 0.90% 

Lake* -10.50% 0.00% 0.20% 10.70%* -0.80% 
Lewis and Clark -0.80% 0.00% -0.20% 1.10% -0.20% 

Liberty -7.40% 0.30% 0.50% 4.60% 1.90% 
Lincoln -0.80% -0.60% 0.30% 0.10% 1.00% 

Madison 3.40% 0.20% 0.50% -4.20% 0.30% 
McCone* 13.40%* 0.00% -8.30% -8.40% 3.30% 

Meagher* 11.60%* -3.60% -4.00% -4.00% 0.00% 
Mineral* 5.40%* 0.70% -4.10% 0.10% -1.90% 

Missoula -0.70% 0.20% 0.50% 0.40% -0.40% 
Musselshell -0.20% 0.50% -4.00% 1.90% 1.90% 

Park* 5.70%* -2.50% 0.00% 0.10% -3.30% 

Petroleum* -7.10% 1.80% 0.00% 5.40%* 0.00% 
Phillips* -13.20% 0.00% 1.30% 10.80%* 1.10% 

Pondera -2.60% 1.50% -2.40% 2.00% 1.50% 
Powder River* 31.10%* -9.00% -6.90% -9.50% -5.80% 

Powell 1.40% 0.60% -1.30% -2.10% 1.40% 
Prairie* -12.10% 0.70% 2.10% 2.90% 6.40%* 

Ravalli -0.80% 0.00% 0.00% 0.20% 0.50% 
Richland 1.30% -0.60% -0.30% 0.20% -0.70% 

Roosevelt* 7.10%* 0.20% -0.90% -6.60% 0.10% 
Rosebud* 5.80%* -2.10% 1.50% -2.10% -3.20% 

Sanders* 6.50%* -0.40% -0.90% -3.60% -1.80% 

Sheridan -6.20% 0.00% 2.20% 1.20% 2.90% 
Silver Bow 2.80% 0.50% -0.70% 1.50% -4.10% 

Stillwater 1.20% -0.10% 1.20% -1.60% -0.70% 
Sweet Grass 0.90% -0.80% 3.60% 1.00% -4.70% 

Teton 1.10% 0.40% 1.10% -4.20% 1.50% 
Toole* -10.50% 1.10% 0.50% 7.40%* 1.50% 

Treasure -5.20% -2.10% 4.10% 2.80% 0.20% 
Valley -3.00% 0.60% 1.00% -0.60% 2.00% 

Wheatland 4.60% 1.80% 1.80% -3.70% -4.60% 

Wibaux 3.80% 2.60% 2.60% 2.60% -11.60% 
Yellowstone -0.30% 0.50% -0.10% -1.70% 1.60% 
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Calls for Service and Self-Initiated Physical Assists 

 Calls for Service and Self-Initiated Physical Assists data are very limited at the county-

level.  For instance, 16 counties have less than 30 instances of records for a call for service or 

self-initiated physical assist that includes race/ethnic data to be examined.   Nonetheless, we 

conduct a comparison of assistance contacts and the decision to stop within these counties to 

examine whether evidence of potential racial bias exists.  However, due to the limited amount of 

cases of calls for service/self-initiated physical assists that can be examined, these results should 

be interpreted with extreme caution.  The results reveal 18 counties where differences between 

the percentage of individuals stopped by the MHP and the percentage of those contacted through 

calls for service/self-initiated physical assists exceed 5 percentage points.  For 14 of these 

counties, White drivers are stopped in larger percentages than the percentage of these individuals 

receiving calls for service/assists.  In 3 counties, Native American drivers are stopped in larger 

percentages than rates of contacts for assistance.  However, further investigation reveals that one 

of these counties, Petroleum, has only 5 instances of assistance that can be examined.  

Additionally, 8 of the 14 counties where the percentage of White drivers stopped is more than 

the percentage of drivers assisted have less than 35 cases of assistance that can be examined, 

which is not enough to adequately examine variation.  Several counties have less than 5 instances 

of calls for service/self-initiated assistance.  In Big Horn and Rosebud, Native Americans are 

stopped at higher rates than the percentage of those involved in calls for service/self-initiated 

assists.  In both of these counties, however, the difference is very small: less than 0.5 percentage 

points.  It is suspected that this is due to data limitations rather than evidence of racial bias.  To 

further explore these issues, we conduct district-level analysis in the following section.  
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Table 13: County-Level Calls for Service and Self-Initiated Physical Assists by Race/Ethnicity 

County White Asian Black Native 

American 

Hispanic Total 

Beaverhead 85% (17) 5% (1) 0 0 10% (2) 20 

Big Horn 74.4% (128) 1.2% (2) 3.5% (6) 19.2% (33) 1.7% (3) 172 

Blaine 73.7% (28) 0 0 26.3% (10) 0 38 

Broadwater 98% (48) 0 2% (1) 0 0 49 

Carbon 92.1% (128) 2.2% (3) 0.7% (1) 2.9% (4) 2.2% (3) 139 

Carter 66.7% (2) 0 33.3% (1) 0 0 3 

Cascade 92.8% (427) 1.3% (6) 1.1% (5) 2.8% (13) 2% (9) 460 

Chouteau 83.3% (35) 4.8% (2) 0 9.5% (4) 2.4% (1) 42 

Custer 87.4% (152) 1.1% (2) 3.4% (6) 3.4% (6) 4.6% (8) 174 

Daniels 90.9% (20) 0 4.5% (1) 4.5% (1) 0 22 

Dawson 93.4% (184) 0.5% (1) 0 0.5% (1) 5.6% (11) 197 

Deer Lodge 93.2% (82) 0 2.3% (2) 3.4% (3) 1.1% (1) 88 

Fallon 95.2% (20) 0 0 0 4.8% (1) 21 

Fergus 96.8% (60) 0 0 1.6% (1) 1.6% (1) 62 

Flathead 96.2% (582) 0.3% (2) 0.7% (4) 1.8% (11) 1% (6) 605 

Gallatin 94.4% (619) 0.8% (5) 1.4% (9) 0.9% (6) 2.6% (17) 656 

Garfield 90.9% (10) 0 9.1% (1) 0 0 11 

Glacier 47.2% (42) 1.1% (1) 0 50.6% (45) 1.1% (1) 89 

Golden Valley 75% (3) 0 0 25% (1) 0 4 

Granite 93.8% (61) 0 3.1% (2) 1.5% (1) 1.5% (1) 65 

Hill 63.5% (47) 0 0 36.5% (27) 0 74 

Jefferson 88.5% (170) 1.6% (3) 2.1% (4) 3.1% (6) 4.7% (9) 192 

Judith Basin 97.6% (40) 0 0 2.4% (1) 0 41 

Lake 82.5% (156) 0 0.5% (1) 16.9% (32) 0 189 

Lewis and 

Clark 

93.1% (190) 0.5% (1) 1.5% (3) 2.9% (6) 2% (4) 204 

Liberty 90.9% (10) 0 9.1% (1) 0 0 11 

Lincoln 98.5% (129) 0 0 0.8% (1) 0.8% (1) 131 

Madison 92.9% (145) 3.2% (5) 1.3% (2) 0 2.6% (4) 156 

McCone 90% (9) 0 0 10% (1) 0 10 

Meagher 100% (3) 0 0 0 0 3 

Mineral 88% (278) 2.2% (7) 5.4% (17) 1.9% (6) 2.5% (8) 316 

Missoula 93.8% (679) 0.8% (6) 1.2% (9) 1.8% (13) 2.3% (17) 724 

Musselshell 85.7% (12) 0 7.1% (1) 7.1% (1) 0 14 

Park 95.8% (136) 0 0.7% (1) 0.7% (1) 2.8% (4) 142 

Petroleum 100% (5) 0 0 0 0 5 

Phillips 82.9% (29) 0 0 17.1% (6) 0 35 

Pondera 73.1% (57) 1.3% (1) 1.3% (1) 20.5% (16) 3.8% (3) 78 

Powder River 84.6% (11) 0 15.4% (2) 0 0 13 

Powell 94.3% (100) 0.9% (1) 1.9% (2) 0.9% (1) 1.9% (2) 106 

Prairie 100% (21) 0 0 0 0 21 

Ravalli 96.9% (248) 0 0.8% (2) 1.2% (3) 1.2% (3) 256 

Richland 84.3% (129) 1.3% (2) 6.5% (10) 2.6% (4) 5.2% (8) 153 

Roosevelt 52.2% (72) 0.7% (1) 0.7% (1) 44.9% (62) 1.4% (2) 138 

Rosebud 92.2% (119) 1.6% (2) 2.3% (3) 1.6% (2) 2.3% (3) 129 

Sanders 97% (97) 0 0 2% (2) 1% (1) 100 

Sheridan 95.5% (42) 0 0 2.3% (1) 2.3% (1) 44 

Silver Bow 92.9% (171) 0.5% (1) 2.7% (5) 2.7% (5) 1.1% (2) 184 

Stillwater 91.8% (178) 1% (2) 3.6% (7) 2.1% (4) 1.5% (3) 194 

Sweet Grass 93.7% (89) 1.1% (1) 1.1% (1) 1.1% (1) 3.2% (3) 95 

Teton 92.9% (26) 3.6% (1) 3.6% (1) 0 0 28 

Toole 87.4% (83) 1.1% (1) 2.1% (2) 6.3% (6) 3.2% (3) 95 

Treasure 100% (27) 0 0 0 0 27 

Valley 71.3% (72) 2% (2) 0 21.8% (22) 5% (5) 101 

Wheatland 85.7% (30) 0 5.7% (2) 2.9% (1) 5.7% (2) 35 

Wibaux 86.7% (13) 0 0 0 13.3% (2) 15 

Yellowstone 87% (561) 0.5% (3) 2.5% (16) 7.4% (48) 2.6% (17) 645 
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Table 14: County-Level Percent Contacted Minus Calls for Service and Assists by Race/Ethnicity 

 
County White Drivers Asian Drivers Black Drivers Native American Drivers Hispanic Drivers 

Beaverhead* 9.10%* -3.80% 1.20% 1.40% -8.00% 

Big Horn* -11.70% -0.30% -1.70% 12.30%* 1.30% 

Blaine -1.00% 0.60% 0.60% -0.70% 0.60% 

Broadwater -1.80% 0.80% -0.80% 1.20% 0.70% 

Carbon 4.50% -1.60% -0.50% -2.20% -0.40% 

Carter* 23.80%* 2.40% -28.50% 0.00% 2.40% 

Cascade 1.60% -0.60% 0.60% -0.50% -1.10% 

Chouteau* 5.20%* -4.50% 0.70% 0.60% -2.00% 

Custer 4.70% -0.40% -1.90% -1.40% -0.90% 

Daniels* 6.50%* 0.00% -4.00% -2.90% 0.50% 

Dawson -2.90% 0.00% 2.20% 1.10% -0.50% 

Deer Lodge 0.80% 2.00% -0.60% -2.50% 0.20% 

Fallon -1.90% 0.70% 0.70% 0.00% 0.40% 

Fergus -3.20% 0.80% 0.90% 1.30% 0.10% 

Flathead 1.00% 0.20% -0.40% -0.50% -0.20% 

Gallatin 0.90% 0.40% -0.40% -0.30% -0.70% 

Garfield 4.50% 0.70% -7.00% 1.10% 0.70% 

Glacier* 20.10%* -0.30% 0.30% -19.60% -0.50% 

Golden Valley* 22.10%* 0.00% 1.50% -25.00% 1.50% 

Granite 1.30% 1.70% -2.30% -0.70% 0.00% 

Hill* 13.80%* 0.40% 0.90% -16.00% 0.90% 

Jefferson* 5.60%* 0.30% -0.50% -2.30% -3.00% 

Judith Basin -4.00% 0.40% 2.80% -0.20% 0.90% 

Lake* -6.60% 0.40% 0.20% 5.20%* 0.90% 

Lewis and Clark 3.80% 0.20% -1.00% -1.80% -1.10% 

Liberty 1.70% 0.30% -8.60% 4.60% 1.90% 

Lincoln -1.10% 0.30% 0.30% 0.20% 0.20% 

Madison 2.90% -1.60% -0.80% 0.40% -0.90% 

McCone -3.60% 0.00% 0.80% -0.40% 3.20% 

Meagher -0.40% 0.40% 0.00% 0.00% 0.00% 

Mineral 4.10% 0.00% -3.50% -0.30% -0.40% 

Missoula 0.60% 0.10% 0.00% 0.60% -1.20% 

Musselshell* 5.10%* 0.50% -6.60% -0.70% 1.90% 

Park -1.70% 1.90% 0.30% 0.30% -0.80% 

Petroleum* -7.10% 1.80% 0.00% 5.40%* 0.00% 

Phillips 3.90% 0.00% 1.30% -6.50% 1.30% 

Pondera* 8.20%* 0.30% -0.50% -5.70% -2.30% 

Powder River* 6.00%* 1.30% -11.50% 0.40% 3.90% 

Powell -0.30% 1.00% -0.70% 0.60% -0.40% 

Prairie -11.90% 0.70% 2.60% 2.60% 6.00% 

Ravalli 1.00% 0.40% -0.40% -1.00% 0.00% 

Richland* 6.40%* -1.00% -4.20% -1.50% 0.30% 

Roosevelt 2.30% -0.50% 0.20% -2.40% 0.60% 

Rosebud* -4.30% -0.80% -0.80% 5.40%* 0.40% 

Sanders -1.70% 0.90% 0.40% 0.80% -0.30% 

Sheridan -1.90% 0.00% 2.10% -1.10% 0.80% 

Silver Bow 2.10% 0.60% -2.00% -1.10% 0.60% 

Stillwater 2.00% -0.20% -1.80% -1.20% 1.20% 

Sweet Grass -3.70% 0.20% 2.60% 0.20% 0.60% 

Teton 2.50% -3.20% -2.50% 1.50% 1.50% 

Toole 2.20% 0.10% -1.60% 1.00% -1.70% 

Treasure* -15.60% 3.20% 4.10% 2.80% 5.50%* 

Valley* 13.40%* -1.40% 1.00% -10.20% -2.90% 

Wheatland* 5.60%* 1.80% -3.90% 0.10% -3.60% 

Wibaux 1.60% 2.50% 2.50% 3.30% -10.00% 

Yellowstone 4.10% 0.20% -1.20% -3.90% 0.70% 
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District-Level Analysis 

 

 Due to limitations in the number of stops reported that prevent fully examining whether 

evidence of bias exists at a county-level with any confidence, we aggregate the data at the 

district-level.  As mentioned, benchmark comparisons are limited at the county-level due to the 

lack of cases in comparison data at this level of disaggregation.  A potential meaningful 

alternative is to aggregate the data to higher-level while still maintaining some regional context.  

The MHP has 8 district offices within the state, and each district contains several counties.  The 

data was recoded to aggregate all county-level data to the following districts: District 1 (Mineral, 

Missoula, Ravalli, and Sanders), District 2 (Cascade, Fergus, Golden Valley, Judith Basin, 

Musselshell, Petroleum, Teton, and Wheatland), District 3 (Beaverhead, Deer Lodge, Granite, 

Jefferson, Lewis and Clark, Madison, Powell, and Silver Bow), District 4 (Big Horn, Carbon, 

Stillwater, Sweet Grass, and Yellowstone), District 5 (Carter, Custer, Daniels, Dawson, Fallon, 

Garfield, McCone, Powder River, Prairie, Richland, Roosevelt, Rosebud, Sheridan, Treasure, 

Valley, and Wibaux), District 6 (Flathead, Lake, and Lincoln), District 7 (Broadwater, Gallatin, 

Madison, Meagher, and Park), and District 8 (Blaine, Chouteau, Glacier, Hill, Liberty, Phillips, 

Pondera, and Toole). 

 As can be seen in Table 15 below, most of the districts have similar percentages for each 

racial/ethnic group being stopped by the MHP.  However, District 4, District 5, and District 8 

have larger percentages of Native American drivers stopped in comparison to other districts.  

Districts 4 and 5 also have higher percentages of Hispanic drivers stopped by the MHP.  To 

examine these differences further, we examine differences in daytime and nighttime stops, 

compare crashes to stops, and compare calls for service and stops by the MHP.   
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Table 15: Percentage of District Stops by Race/Ethnicity 

District White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers Number of 

Stops 

District 1 94.9% (16087) 1% (161) 1% (175) 1.8% (311) 1.3% (212) 16946 

District 2 94.1% (9711) .7% (75) 1.6% (170) 2.5% (257) 1.1% (112) 10325 

District 3 95.1% (17120) 1.4% (251) 1% (177) 1.1% (206) 1.4% (252) 18006 

District 4 88.4% (9639) .8% (86) 1.4% (156) 6.3% (684) 3.1% (340) 10905 

District 5 86.4% (13046) .6% (85) 1.8% (268) 7.5% (1127) 3.8% (576) 15102 

District 6 92.3% (12654) .4% (59) .4% (56) 6.1% (833) .8% (115) 13717 

District 7 95.3% (12494) 1.3% (168) 1% (132) .7% (93) 1.7% (227) 13114 

District 8 79.3% (7592) .8% (73) .6% (62) 18.3% (1751) 1% (92) 9570 

 

Daytime and Nighttime Stops 

 The comparison of daytime and nighttime stops at the district level reveals no substantial 

differences in proportionality of the percentages of drivers stopped during these time frames by 

race/ethnicity (See Table 16 below). 

Table 16: District-Level Percentage of Day and Night Stops by Race/Ethnicity 

District 

White Drivers 

 

Day           Night    

Asian Drivers 

 

Day   Night 

Black Drivers 

 

Day      Night 

Native American 

Drivers 

Day      Night 

Hispanic 

Drivers 

Day     Night 

Number of 

Stops 

Day     Night 

District 1 95.1% 94.4% 1.0% 0.9% 1.0% 1.2% 1.7% 2.2% 1.2% 1.3% 12888 4058 

District 2 94.2% 93.6% 0.8% 0.6% 1.5% 2.2% 2.5% 2.5% 1.1% 1.1% 7839 2486 

District 3 95.1% 94.8% 1.5% 1.0% 1.0% 1.1% 1.1% 1.3% 1.3% 1.7% 14422 3584 

District 4 88.7% 87.4% 0.7% 1.0% 1.4% 1.5% 6.1% 6.7% 3.0% 3.4% 8428 2477 

District 5 86.8% 84.2% 0.6% 0.3% 1.7% 2.0% 7.1% 9.4% 3.8% 4.1% 12528 2574 

District 6 92.2% 92.4% 0.4% 0.5% 0.4% 0.4% 6.2% 5.6% 0.8% 1.0% 10437 3280 

District 7 95.4% 94.8% 1.2% 1.6% 1.0% 0.9% 0.7% 0.8% 1.7% 2.0% 10208 2906 

District 8 79.9% 77.0% 0.9% 0.4% 0.7% 0.5% 17.7% 20.8% 0.9% 1.3% 7641 1929 

 

Involvement in Crashes 

Tables 17 and 18 below illustrate that percentage of involvement in crashes and 

percentage stopped within each district are similar.  Recalling that a difference larger than 5 

percentage points is considered significant, Table 18 below clearly illustrates that no group is 

stopped significantly more than they are involved in crashes in seven of the 8 districts.  It appears 

Native Americans are stopped slightly more than their involvement in crashes in District 8; 

however, District 8 has very few cases (under 213) which is limiting comparison.  While this 

strongly suggests that bias is not involved in the decision to stop at the district-level, future 
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analysis should examine District 8 when more data is available to further examine if 

disproportionality exists. 

Table 17: District Crashes by Race/Ethnicity 

District White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers Number of 

Crashes 

District 1 94.2% (1080) 0.8% (9) 1.5% (17) 1.7% (20) 1.8% (21) 1147 

District 2 92.1% (352) 1% (4) 1.8% (7) 3.4% (13) 1.6% (6) 382 

District 3 93.5% (981) 1.7% (18) 1.3% (14) 1% (11) 2.4% (25) 1049 

District 4 91.1% (837) 0.7% (7) 1.2% (11) 4.7% (43) 2.4% (22) 919 

District 5 83.1% (378) 1.3% (6) 2.2% (10) 9.2% (42) 4.2% (19) 455 

District 6 94.5% (998) 0.3% (3) 0.7% (7) 3.2% (34) 1.3% (14) 1056 

District 7 93.5% (671) 0% (0) 0.8% (6) 1% (7) 2.9% (21) 718 

District 8 85.9% (183) 0% (0) 1.4% (3) 12.2% (26) 0.5% (1) 213 

 

Table 18: District-Level Percent Contacted Minus Involvement in Collisions by Race/Ethnicity 

District White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers 

District 1 0.70% 0.20% -0.50% 0.10% -0.50% 

District 2 2.00% -0.30% -0.20% -0.90% -0.50% 

District 3 1.60% 0.10% -0.30% 0.30% -0.80% 

District 4 -2.70% 0.10% 0.20% 1.60% 0.70% 

District 5 3.30% -0.20% 0.20% -0.30% 0.00% 

District 6 -2.20% 0.10% -0.30% 2.90% -0.50% 

District 7 1.80% 1.30% 0.20% -0.30% -1.20% 

District 8* -6.60% 0.80% -0.80% 6.10% 0.50% 

 

Calls for Service and Self-Initiated Physical Assists 

Comparison of calls for service/self-initiated physical assists and decision to stop at the 

district-level also indicate that minority groups are not over-represented in the decision to stop.  

As can be seen in Table 19, the percentages of those contacted via calls for service and self-

initiated physical assists are similar to percentages of groups stopped by the MHP.  Table 20 

below clearly illustrates that only one district has a group that is significantly over-represented 

when comparing these two different contact types: District 8.  In this district, White drivers are 

stopped more by MHP troopers than they are contacted through calls for service/self-initiated 

physical assists. 
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Table 19: District Calls for Service and Self-Initiated Physical Assists by Race/Ethnicity 

District White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers Number of 

Assists 

District 1 93.27% (1302) 0.93% (13) 2.01% (28) 1.72% (24) 2.08% (29) 1396 

District 2 92.9% (603) 1.1% (7) 1.4% (9) 2.8% (18) 1.8% (12) 650 

District 3 92.22% (936) 1.18% (12) 1.97% (20) 2.17% (22) 2.46% (25) 1015 

District 4 87.07% (1084) 0.88% (11) 2.49% (31) 7.23% (90) 2.33% (29) 1245 

District 5 83.69% (903) 0.93% (10) 2.32% (25) 9.27% (100) 3.80% (41) 1079 

District 6 93.73% (867) 0.22% (2) 0.54% (5) 4.76% (44) 0.76% (7) 925 

District 7 94.82% (806) 0.59% (5) 1.29% (11) 0.82% (7) 2.47% (2.5) 850 

District 8 71.65% (331) 1.08% (5) 0.87% (4) 24.68% (114) 1.73% (8) 462 

 

Table 20: District Percent Contacted Minus Calls for Service and Assists by Race/Ethnicity 

District White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers 

District 1 1.63% 0.07% -1.01% 0.08% -0.78% 

District 2 1.20% -0.40% 0.20% -0.30% -0.70% 

District 3 2.88% 0.10% -0.30% 0.30% -0.80% 

District 4 1.33% -0.08% -1.09% -0.93% 0.77% 

District 5 2.71% -0.20% 0.20% -0.30% 0.00% 

District 6 -1.43% 0.18% -0.14% 1.34% 0.04% 

District 7 0.48% 0.71% -0.29% -0.12% -0.77% 

District 8* 7.65%* -0.28% -0.27% -6.38% -0.73% 

 

City-Level Analysis 

 

 A preliminary analysis of specific cities in Montana was also conducted to examine for 

evidence of racial bias at a more local level.  This analysis is limited due to several of these cities 

lacking adequate comparison data in terms of crashes and calls for service/self-initiated physical 

assists.  However, a preliminary analysis with comparisons to census data and daytime/night-

time stops is conducted for the following cities: Billings, Bozeman, Butte, Great Falls, Helena, 

Kalispell and Missoula.  These cities were chosen because they had enough stops to be 

examined, and they are major cities within the state.    

 Table 21 below illustrates that some differences exist in the percentages of each group 

pulled over in the seven cities examined.  Hispanic drivers are pulled over in higher percentages 

in Billings and Butte than in Kalispell and Helena.  Native American drivers are pulled over in 

higher percentages in Missoula.  To examine whether these differences are due to population 
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differences or to bias, comparisons to proportion of the population are conducted.  As can be 

seen in Table 22 below, only one city has any group that is stopped significantly more than their 

proportion of the population would suggest.  In Great Falls, White drivers appear to be pulled 

over more than their percentage in the population.  This difference is only slightly over the 5 

percentage point criterion (5.1%). 

Table 21: Percentage of City Stops by Race/Ethnicity 

City White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers Total 

Billings 92.5% (1854) 0.9% (18) 1.1% (23) 2.5% (50) 3.0% (60) 2005 

Bozeman 96.8% (1305) 1.0% (13) 0.9% (12) 0.2% (3) 1.1% (15) 1348 

Butte 95.0% (633) 0.6% (4) 0.6% (4) 1.5% (10) 2.3% (15) 666 

Great Falls 93.6% (1915) 0.4% (9) 2.2% (46) 2.4% (50) 1.2% (25) 2045 

Helena 97.3% (961) 0.1% (1) 0.6% (6) 1.3% (13) 0.7% (7) 988 

Kalispell 98.3% (828) 0.4% (3) 0.5% (4) 0.5% (4) 0.4% (3) 842 

Missoula 92.8% (1344) 0.9% (13) 1.3% (19) 3.8% (55) 1.2% (18) 1449 

 

Table 22: City Percentage of Stops Minus Percentage of Population 

City White Drivers Asian Drivers Black Drivers Native American 

Drivers 

Hispanic Drivers 

Billings 2.9% 0.2% 0.3% -1.9% -2.2% 

Bozeman 3.2% -0.9% 0.4% -0.9% -1.8% 

Butte 0.6% 0.10% 0.30% -0.40% -1.45% 

Great Falls* 5.1%* -0.5% 1.1% -2.6% -2.2% 

Helena 4% -0.60% 0.20% -1.0% -2.1% 

Kalispell 4.1% -0.6% 0.3% -0.8% -2.5% 

Missoula -1.4% -0.1% 1.1% 2.5% -1.7% 
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Daytime and Nighttime Stops 

 Lastly, we conduct a comparison of daytime and nighttime stops in the 7 cities.  As can 

be seen in Table 23 below, none of the cities analyzed have significant differences between 

daylight and night-time stops.  

Table 23: City Daytime and Nighttime Stops 

City White Drivers 

 
Day           Night    

Asian Drivers 

 
Day   Night 

Black Drivers 

 
Day      Night 

Native American 

Drivers 
Day      Night 

Hispanic 

Drivers 
Day     Night 

Number of 

Stops 
Day     Night 

Billings 92.9% 91.6% 0.7% 1.3% 1.4% 0.7% 2.4% 2.6% 2.6% 3.7% 1324 681 

Bozeman 97.3% 95.1% 0.5% 2.6% 0.9% 1.0% 0.3% 0 1.1% 1.3% 1043 305 

Butte 95.5% 94.4% 0.8% 0.4% 0.3% 1.1% 1.8% 1.1% 1.8% 3.0% 398 268 

Great Falls 93.9% 93.1% 0.5% 0.3% 1.9% 2.8% 2.3% 2.7% 1.3% 1.1% 1301 744 

Helena 97.3% 97.1% 0 0.3% 0.6% 0.6% 1.3% 1.3% 0.7% 0.6% 678 310 

Kalispell 98.1% 98.8% 0.2% 0.8% 0.5% 0.4% 0.7% 0 0.5% 0 592 250 

Missoula 93.1% 92.1% 0.8% 1.0% 0.8% 2.3% 4.1% 3.1% 1.1% 1.4% 965 484 

 

 

Conclusions 

 

 The various descriptive analyses conducted provide a wealth of information on the 

decision to stop within the state of Montana.  The analysis reveals no evidence of biased policing 

at the state-wide level.  Indeed, several comparisons using prominent benchmarks found to be 

appropriate in scholarly literature reveals no evidence of bias.  At the district-level, most 

comparisons did not yield significant differences based on groups.  However, District 8 did 

reveal some differences. The comparison of percentage stopped by the MHP and percentage of 

calls for service/self-initiated self-assists, revealed that District 8 had one significant difference. 

This difference was small, and it indicated White drivers were stopped at higher rates than they 

received assistance from MHP.  In contrast, the comparison of crashes and percentage stopped 

by the MHP revealed that Native American drivers are stopped more than their involvement in 

crashes in District 8.  Again, this difference was small, and based on limited data. Similarly, the 

city-level analysis revealed only one city where a group was stopped more than their percentage 

in the population.  In Great Falls, White drivers were contacted at rates slightly higher than their 
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proportion of the population.    Combining these various analyses to evaluate evidence of bias 

strongly suggests that bias is not occurring at the state-level, district-level, nor in the cities 

chosen for further analysis.   

The county-level analysis did reveal some counties where some disproportionality exists 

in stops conducted by the MHP.  The county-level Census comparison revealed 9 counties where 

some groups are stopped in significantly higher percentages than their proportion of the 

population.  For most of these counties, White drivers are over-represented in stops.  In one 

county, Native Americans were over-represented.  This is McCone County, which is located next 

to the Fort Peck Reservation.  Big Horn County also shows significant disproportionality for 

Native Americans in stops to crashes and calls for service/self-initiated assistance.  Big Horn is 

also located next to a reservation.  This suggests that these counties should potentially be 

researched further as this project continues; however, the results do not indicate at this time that 

these differences are evidence of potential bias.  As stated, disproportionality, on its own is not 

evidence of bias.  For several of these comparisons, there were not enough cases in several 

counties to conduct an adequate analysis.  Rather than an indicator of bias, for most of these 

counties these results are an artifact of insufficient cases to support robust analysis.  Nonetheless, 

over the next 4 years we can continue to monitor these counties to determine if disproportionality 

still exists when more cases are available.   

As we found in our first report, White drivers are over-represented in contacts compared 

to their percentage of the population in 8 counties: Big Horn, Blaine, Chouteau, Glacier, Hill, 

Lake, Roosevelt, and Rosebud.  These findings, which reflect the results of our initial report, 

indicate that factors are impacting stops within these counties that cannot be fully assessed with 
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this data.  The proximity of these counties to Native American reservations and jurisdictional 

requirements related to that proximity may be impacting traffic stops in these counties.   

It should be noted that analyses of the decision to stop is limited.  Descriptive analysis 

can provide some methodological basis for evaluation whether evidence of biased policing 

exists; however, more sophisticated statistical analysis is needed to truly assess bias.  Much of 

the scholarly literature is examining the outcomes of stops and enforcement levels to fully 

analyze evidence of bias.  This also allows for examination of intervening variables that impact 

enforcement activity that are unable to be examined with descriptive analysis.  Future research 

projects should include enforcement activity to fully examine whether evidence of bias exists in 

MHP activities.    

Recommendations 

The Montana Highway Patrol provided much data to examine the decision to stop for 

2014, it is clear from the analysis that these data have some limitations due to the low number of 

cases for comparison in important benchmark data.  MHP has updated collection procedures to 

ensure that race/ethnicity information is obtained for each contact.  The most recent data 

collection procedure was updated in 2014, which means all 2015 data will include this 

information.  However, it should be noted that contacts missing this information were extremely 

limited, and the vast majority of contacts by the MHP included race/ethnicity of the individuals 

contacted.    Limited benchmark comparison will be addressed over time as more data becomes 

available for these additional contacts.  

The recommendations below suggest some opportunities for expanded analyses to 

determine the presence or absence of indicators of racial profiling/biased policing in the future. 
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We also recommend further analysis to examine for evidence of bias more in-depth, including 

analysis regarding enforcement activity, to improve future assessment.   

1) It is recommended that benchmark analysis of crashes, and citizen assist/self-initiated 

contacts be conducted at the county-level and district-level when more data is 

available.  This is particularly important for counties that appear to have some 

disproportionality to examine whether this disproportionality is still present when 

there is an appropriate number of cases.  

2) Further analysis should examine enforcement activity to determine if evidence of bias 

exists in other MHP activities.  This type of analysis, particularly at the county-level, 

requires substantially more cases to examine for evidence of bias. This will likely 

require several years of data and can potentially be conducted in future years of this 

project.  
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